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Abstract

This study explores how local leaders’ career incentives influence entrepreneurial activity
in China. We identify a positive relationship between high-incentive leaders and the entry rate
of new manufacturing firms, facilitated by access to capital and land and the implementation of
place-based policies. However, firms that enter the market under high-incentive leaders tend to
experience lower productivity growth and lower survivability, highlighting a quantity–quality
trade-off. This quality deficit is linked to a mismatch between the types of new entrants and
local economic fundamentals. Additionally, the responsiveness of manufacturing exit rates,
productivity growth of existing manufacturers, and service firm dynamics to leader incentives
appears minimal. Overall, by illuminating both the advantages and limitations of second-best
institutions through the lens of firm entry, our study provides new insights into the institutions–
growth nexus and offers a cohesive framework for understanding the growth and slowdown of
the Chinese economy.
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1 Introduction

By shaping the right incentives for economic agents and reducing transaction costs in the mar-

ketplace, institutions are considered a fundamental cause of economic growth (e.g., Acemoglu

et al., 2005). However, well-functioning institutions can also emerge in the process of persistent

economic development (North, 1990), which begs the question of whether and how a developing

economy can achieve sustained economic growth without comprehensive institutional reform

being a prerequisite. The case of China offers an ideal setting to study this question. Despite

impressive economic growth in recent decades, China has not undergone equally significant

institutional overhaul, at least not in areas commonly measured by international agencies. For

example, when China achieved a record high annual GDP growth rate of 14.2% in 2007, its

ranking in the global Ease of Doing Business indicator that year was only 93 out of 175 coun-

tries based on the World Bank’s Doing Business Report, just one place above Ghana. In 2023,

despite being the world’s second-largest economy, China ranked 97th out of 142 countries in the

global Rule of Law Index (WJP, 2024). To understand this puzzling phenomenon, recent stud-

ies emphasize the political–business relationships rooted in China’s merit-based bureaucratic

system that serve as a second-best informal institutional remedy (e.g., Bai et al., 2020a; Zhou,

2019).

Specifically, China’s political institutions at the local level are considered a regionally de-

centralized system with a tournament feature (Xu, 2011). The economic performance of a city

is intrinsically linked to the likelihood of promotion and career development of its local leaders

(Li and Zhou, 2005; Landry et al., 2018), giving local officials high-powered incentive to foster

economic development. At the same time, as the formal rule of law is not solidly established

and implemented, local leaders can use unconstrained administrative power to stimulate eco-

nomic development by circumventing rigid regulations, granting permits and contracts, offering

cheap land and financial loans, and creating new laws and policies (Bai et al., 2020a). There-

fore, in cities where career-driven officials are more willing to lend a helping hand, the de facto
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cost of doing business is much lower than that documented in official rankings, reconciling the

seemingly contradictory observation of robust growth in the context of weak formal institutions

in China.

Despite much discussion of China’s merit-based promotion system and its economic impli-

cations, there is a lack of direct and systematic empirical evidence at the micro level. In this

study, we fill this gap by examining how high-incentive local officials affect the quantity and

quality of entrepreneurial entry in China, thereby revealing the advantages and limitations of

informal institutions. Firm entry and exit provide a well-suited micro-channel to explain the

institutions–development nexus for two reasons. First, the level of entrepreneurial activity and

the dynamic processes of firm entry and exit are crucial sources of economic growth (Halti-

wanger et al., 2017; Asturias et al., 2023). In the case of China, Brandt et al. (2012) reveal that

72% of total manufacturing productivity growth between 1998 and 2007 can be attributed to the

effects of net entrants, and Brandt et al. (2023) emphasize the reduced contribution of firm entry

to aggregate productivity growth to explain the lack of business dynamism after 2007. Second,

the intensity of new firm entry is particularly sensitive to administrative regulation and entry

barriers (Djankov et al., 2002; Klapper et al., 2006; Barwick et al., 2022); however, the success

of government efforts to promote entrepreneurship remains unclear (Lerner, 2020). Moreover,

by leveraging registration data on firm entry and exit, our sample covers all firms ever registered

in China, thus providing a more comprehensive, micro-level investigation than studies based on

aggregate indicators or those focused on large companies.1

We begin by investigating the role of city leaders’ career advancement incentives in shap-

ing the entry intensity of manufacturing firms in China. Following Wang et al. (2020), we first

construct measures of the career incentive intensity of leaders in prefecture-level cities by es-

1As documented in Martinez (2022) and Xiong and Song (2018), GDP data tend to be exaggerated in au-
thoritarian states, particularly in China. Brandt et al. (2023) also identify persistent over-reporting problems in
above-scale manufacturing firm survey data commonly used in China. In comparison, firm registration data are
less manipulated, offering a more reliable and fine-grained evaluation of the growth implications of informal insti-
tutions.
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timating their ex ante probability of promotion, predicted by their starting age and their level

in the political hierarchy.2 Using panel data from 198 cities across 31 two-digit manufacturing

industries from 1998 to 2013, we identify a positive and statistically significant relationship be-

tween the career advancement incentives of city leaders and the entry rates of new firms during

their tenure. According to our baseline estimates, shifting a local leader’s career advancement

incentive from the 10th percentile to the 90th percentile is associated with a 4.08 percentage

point increase in the entry rate of new firms, which is around 22.91% of the average annual

entry rate in our manufacturing sample. The positive impact of motivated local leaders on firm

entry is widespread among new entrants of varying sizes and across regions with different ge-

ographic and economic attributes. Additional analysis shows that providing critical access to

production factors and implementing new place-based policies are tools used by high-incentive

politicians to foster local entrepreneurial activities.

To some extent, our findings regarding the quantity margin of new firm entry align with

the observation of Bai et al. (2020a) that firm entry is almost free under China’s special ar-

rangements. In a counterfactual scenario without a merit-based promotion incentive scheme,

cumbersome formal institutions would create formidable barriers to entry, leading to limited

entrepreneurial effort and sluggish business dynamism in China. Therefore, taking into account

the critical role of new firm entry in driving competition, innovation, and economic growth (e.g.,

Aghion et al., 2009; Jiang et al., 2021), our findings identify a welfare-enhancing micro process

of how informal institutions in China promote regional economic development.

Next, we examine whether new entrants encouraged by motivated local leaders are high-

quality firms. To examine the quality implications of firm entry, we compare the survivability

and subsequent productivity of new entrants during the tenure of highly motivated local leaders

2The assumption is that local officials’ career advancement incentives are positively and strongly associated
with their ex ante probability of promotion under China’s age- and hierarchy-sensitive political selection system.
In turn, these highly motivated local leaders, competing in the performance-based promotion tournament, are
expected to focus more on economic development, particularly at lower administrative levels of government (e.g.,
Li and Zhou, 2005; Landry et al., 2018).
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with those during periods overseen by less motivated officials. We consider several perfor-

mance indicators, including the one-year survival rate, three-year survival rate, firm longevity

(measured in months), and total factor productivity (TFP) of large manufacturing entrants. In

all cases, we find a robust negative relationship between the career advancement incentives of

local leaders and the subsequent quality performance of new entrants. For example, moving

a local leader’s career advancement incentive from the 10th percentile to the 90th percentile

is associated with a 4.61-month decline in firm survival, which accounts for 10.74% of the

average longevity of the firms in our sample. In summary, although highly motivated local

leaders appear to facilitate the entry of more new firms, the subsequent performance of these

new entrants is not satisfactory, presenting a quantity–quality trade-off. We then test two pos-

sible explanations for the observed quality deficit: (1) the corruption motives of high-incentive

leaders and (2) the potential misalignment between the type of new entrant and local funda-

mentals. We obtain evidence that rejects the corruption hypothesis and strongly supports the

entrant–city mismatch hypothesis. Specifically, although high-incentive leaders are generally

pro-entrepreneurship, we find that the types of firms entering the market during the tenure of

such leaders tend to deviate more from the local comparative advantages of the city, and when

this is the case, the subsequent quality of these entrants is worse. We discuss these results

through the lens of limited policy instruments and political shortsightedness (e.g., Xiong and

Song, 2018; Sun, 2023), shedding light on the constraints of informal institutions powered by

the tournament system.

Finally, we discuss how entrepreneurial entry not only provides a critical micro-foundation

that reveals the advantages and limitations of informal institutions in a large developing econ-

omy but our findings also offer a cohesive framework for understanding the recent growth slow-

down in China. First, given the evolving economic and political landscape in China and around

the world, the connection between career-driven officials and the local economy may have

changed over time, particularly since the 2007/2008 financial crisis (Xiong and Song, 2018).

Indeed, we find that after 2008, the marginal effect of high-incentive leaders on the entry inten-
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sity of new manufacturing firms weakens and that their impact on the quality dimension of new

entrants diminishes. The changing—and worsening—balance in the quantity–quality trade-off

is indicative of the diminishing role of motivated politicians in jump-starting the local economy,

a trend that aligns with the documented decline in business dynamism in China after 2007 (e.g.,

Cerdeiro and Ruane, 2022; Brandt et al., 2023).

Second, we also explore the association between local leaders with varying career advance-

ment incentives and other measures of firm dynamics, including the exit rate of manufacturing

firms, the TFP growth of incumbent manufacturers, and the entry and exit patterns of service

firms. In all cases, the coefficient of the career incentive variable is not statistically different

from zero. Therefore, political intervention appears to be effective and salient exclusively at the

entry margin of manufacturing firm dynamics, further highlighting the profound implications of

the quantity–quality dilemma and illustrating the limitations of state capacity. In particular, the

lack of responsiveness of service industries to government intervention and local policymaking

provides an additional explanation for China’s economic slowdown in recent years. During the

process of structural transformation of an economy, the rise of the service sector is usually as-

sociated with slower aggregate economic growth, as the productivity growth rate of the service

sector tends to lag behind that of the manufacturing sector (Boppart, 2014; Timmer et al., 2015).

In the case of China, the shift toward a service-oriented economy is further compounded by a

decline in the effectiveness of government intervention. Traditional methods used to facilitate

the entry of new manufacturing firms, such as providing critical production factors and estab-

lishing favorable policies, are ineffective in the diverse and innovation-driven service sector.

Therefore, in addition to sectoral productivity differentials, the rise of services in China is ac-

celerating the economic slowdown as second-best institutions gradually lose their efficacy.

To the best of our knowledge, our study is the first to examine the impact of local leaders’

career incentives on new firm entry in China and offers new evidence of the relationship be-

tween informal institutions and economic growth in a large developing economy. This paper
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contributes to several strands of the literature. First, China’s merit-based promotion system is

often considered the key to the success of its development model (e.g., Xu, 2011; Zhou, 2019).

In their recent work, Bai et al. (2020a) introduce a model of special arrangements in China and

explain how local governments extending their enormous administrative capacity to favored

firms can stimulate growth. Studies also document the beneficial role of politician rotation in

facilitating interprovincial trade and investment (Jiang and Mei, 2020; Shi et al., 2021) and in

promoting intercity knowledge spillovers (Lin et al., 2023). By identifying the constructive im-

pact of high-incentive officials on the entry intensity of new manufacturing firms, our findings

enrich the literature on the particular role of local leaders in resolving institutional frictions. In

particular, we report that providing critical access to capital and land and implementing new

place-based policies are the core underlying mechanisms through which local leaders stimulate

entrepreneurial effort and foster local economic development.

Even more importantly, we discover that manufacturing firms that enter the market during

the tenure of high-incentive local leaders tend to be of lower quality, resulting in part from a mis-

alignment between the types of new entrants and local comparative advantages. This quantity–

quality trade-off represents a fundamental challenge for second-best informal institutions. In

this sense, our results expand the emerging literature that explores the detrimental effects of

the high-powered incentives of political agents (e.g., Fisman and Wang, 2017; Acemoglu et al.,

2020). In China, Wang et al. (2020) document the critical role of motivated local leaders in land

transactions, leading to a distortion of overexpansion . Xiong and Song (2018) model and link

the short-term behavior of high-incentive leaders to overleveraging through shadow banking

and unreliable economic statistics. Fang et al. (2022) highlight the downside of the political

tournament system from the perspective of local protectionism, while Sun (2023) demonstrates

how political shortsightedness can harm innovation. Complementing these studies, our focus

on entrepreneurial entry and firm dynamics is directly linked to the growth implications of in-

formal institutions. Following the important work of Zilibotti (2017), our findings provide a

coherent paradigm for understanding both China’s outstanding economic performance and its
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subsequent economic slowdown in the process of intersectoral structural transformation. Using

firm registration data and a cohesive framework, our findings crystallize the micro-channel of

what works and what does not in the institutions–economy nexus in China, offering important

policy implications for developing countries in general.

Finally, our study contributes to research on firm entry and entrepreneurship in emerging

economies (Ghani et al., 2014a; Quatraro and Vivarelli, 2015). Specifically, an emerging liter-

ature examines the decline of business dynamism in advanced economies (e.g., Decker et al.,

2016; Akcigit and Ates, 2021), focusing on the drivers and outcomes of new firm entry (or lack

thereof). In China, Brandt et al. (2020) and Bai et al. (2021) reveal the negative role of the state

in the creation of new firms. Jia et al. (2021) explore the influence of parental background on

entrepreneur formation, and Cui and Li (2023) examine how trade policy uncertainty affects the

entry of new domestic firms. By focusing on the role of local leaders, our study reveals an un-

explored but important institutional determinant of firm entry in China (e.g., Bruno et al., 2013).

This article is structured as follows. In Section 2, we present our data and methods. We

report our main empirical results and the results of robustness checks on the quantity dimension

of new firm entry in Section 3. Section 4 analyzes the quality implications of new entrants.

Section 5 presents further analyses to better understand China’s economic slowdown. Finally,

we present our conclusions in Section 6.

2 Data and Methods

2.1 Career advancement incentives of leaders in prefecture-level cities

In this study, we examine how the career advancement incentives of leaders in prefecture-level

cities affect new firm entry in terms of quantity and quality in China. Under China’s dual-power

political system, each prefecture-level city is governed by a party secretary and a mayor. Given

the dominant role of the Chinese Communist Party, we consider the party secretary as the pri-
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mary local leader in our analysis, in line with Wang et al. (2020) and Lin et al. (2023). We also

assess the potential impact of city mayors in subsequent analyses.

Following the literature (e.g., Wang et al., 2020; Fang et al., 2022), we measure the inten-

sity of city leaders’ career advancement incentives by their ex ante probability of promotion.

Wang et al. (2020) argue that given the mandatory retirement age for local officials in China,

which varies depending on their political ranks, age and initial hierarchical level are important

predictors of the likelihood of political promotion. Therefore, we use this approach to construct

our main measure of the intensity of career advancement incentives. Specifically, we define a

promotion dummy variable equal to 1 if a city’s party secretary was promoted to a higher-level

position at the end of their term, and 0 otherwise. We then regress this promotion dummy on

the party secretary’s starting age and starting level dummies, and their interactions, using the

following logistic regression:

log(
ps,i

1− ps,i
) = β0 + β1Ages,i + β2Levels,i + β3Ages,i × Levels,i + εs,i (1)

where ps,i is the probability that party secretary s was promoted to a higher-level position at the

end of their term in city i. Ages,i and Levels,i denote the starting age and starting level of party

secretary s at the beginning of their term in city i.

Column 1 of Table 1 presents our results, which are highly consistent with the findings of

Wang et al. (2020). Local leaders’ starting age, starting level, and their interactions are strong

predictors of their probability of promotion. The younger and the lower-ranking a politician

is, the higher their likelihood of being promoted. Therefore, we use the coefficients of starting

age, starting level, and their interaction terms to predict the likelihood of promotion for each of

the 747 local leaders in our sample, following the strategy of Wang et al. (2020). We assume

that a leader’s career advancement incentives are strongly and positively correlated with their

ex ante probability of promotion. Thus, we use the predicted ex ante probability of promotion

as a measure of the career incentives of leader s in city i, denoted by CIi(s).
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We also consider two alternative measures of career advancement incentives. First, as dis-

cussed in Wang et al. (2020), whether a leader has prior experience working in the central

government and whether they have a graduate degree may increase their probability of promo-

tion. In Column 2 of Table 1, we include dummies for prior central government experience

and graduate degrees in our promotion probability estimation, using the predicted values to

construct our first alternative measure of career advancement incentives. In our sample, hav-

ing a graduate degree increases the probability of promotion, whereas experience in the central

government has no significant effect. Second, following Fang et al. (2022), we incorporate city-

level indicators, including population size and the GDP growth rate in the year a leader takes

office, into our analysis. Both indicators are statistically significant and positively associated

with leaders’ probability of promotion. We use the predicted values from Column 3 to construct

our second alternative measure of career incentives.

Overall, the three measures are strongly correlated with each other, with an average pairwise

correlation of 0.78 (statistically significant at the p < 0.01 level). We adopt the predicted ex

ante probability of promotion from Column 1 of Table 1 as our main career incentive measure,

as it relies more on exogenous personal characteristics at the start of a leader’s tenure than the

other measures and aligns with the analysis of Wang et al. (2020). We later demonstrate that

our findings are robust to alternative career incentive variables.

2.2 Estimation strategy

In China’s merit-based promotion system, regional economic performance is a crucial indicator

in the political evaluation and selection matrix of local leaders, with greater importance at lower

administrative levels of government (Jia et al., 2015; Landry et al., 2018). Therefore, city-level

politicians with stronger career advancement incentives are expected to devote more effort to

developing the local economy than their counterparts. To evaluate the impact of local leaders
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on entrepreneurial dynamics across regions and industries, we consider a city-industry level

estimation as follows:

Eijt = α + βCIit(s) + γLQijt + δXijt + ηZit + µij + µjt + µpt + εijt (2)

where Eijt represents the intensity of entrepreneurial activities in manufacturing industry j

in city i in year t, measured by the entry rate of new firms. The entry rate of new firms at the

city-industry level is defined as the ratio of the number of new entrants to the number of existing

firms in each city-industry cell for each year.3 CIit(s) is the intensity of the career advancement

incentives of leader s in city i in year t. The career incentive intensity of each leader at the

start of their term is measured by their ex ante probability of promotion based on their starting

age, starting level, and their interactions, as discussed in Section 2.1. We assume that the career

incentives of leader s remain constant throughout their tenure in city i. We examine and verify

that the dynamic effects of leader tenure are relatively smooth, and thus we focus on comparing

leaders with varying career advancement incentives.

As the literature (e.g., Ellison and Glaeser, 1997; Ellison et al., 2010; Kerr and Kominers,

2015) highlights that Marshallian externalities facilitate the entry of new firms, we use the lo-

cation quotient (LQijt) as a measure of time-varying agglomeration forces at the city-industry

level. Following Delgado et al. (2010), LQijt =
eijt/eit
ejt/et

, where eijt denotes the number of firms

in manufacturing industry j in city i in year t, eit indicates the total number of firms in city i,

ejt denotes the number of firms in industry j at the national level, and et is the total number

of firms in the country in year t. This variable measures an industry’s concentration at the city

level relative to its concentration at the national level. Higher industry concentration in a city

may indicate that supplier conditions are better, human capital resources are more compatible ,

and the exchange of ideas and technologies between similar businesses is more efficient (Ghani

et al., 2014a; Guo et al., 2016). As such, γ is expected to be positive.

3In later analyses, we replace the dependent variable with quality measures of new entrants, the exit rate of
manufacturing firms, and related indicators of service firms, among others.
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Furthermore, studies show that there is a negative relationship between entry regulation and

institutional barriers and entrepreneurship (e.g., Djankov et al., 2002; Klapper et al., 2006). Fo-

cusing on China, Brandt et al. (2020) identify location-specific barriers to entry by estimating

a Hopenhayn–Melitz model with wedges and demonstrate the causal relationship between bar-

riers to entry and the size of the public sector. We therefore adopt the intensity of state-owned

enterprises (SOEs) at the city-industry level, denoted by Xijt, as a proxy for the barriers to firm

entry into the local market. We expect δ to be negative.

Our use of panel data enables us to control for a granular set of fixed effects. Specifically,

we use city-industry fixed effects (µij) to control for unobserved, time-invariant characteris-

tics at the city-industry level, such as technical and competition factors at the industry level,

regional cultural heritage, and natural advantage channels at the city-industry level, which are

related to the cost of entry and entrepreneurial decisions (e.g., Fritsch and Falck, 2007; Glaeser

and Kerr, 2009; Chatterji et al., 2014). We also use industry-year fixed effects (µjt) to control

for time-varying factors at the industry level, such as tariff movements associated with WTO

membership, industrial policy at the national level, and exogenous technological changes and

demand shocks at the sectoral level. Although city-year fixed effects cannot be controlled in

our setting, we use province-year fixed effects (µpt) to capture province-specific policy and

leadership variations, business cycle fluctuations, and other unobserved aggregate time-varying

factors. Overall, the above fixed effects control for fundamental comparative advantage factors

that affect firm entry into a specific city-industry cell and that are invariant over our sample pe-

riod. They also eliminate differences across industries that are common to all cities and exclude

common variations at the province-year level. What remains are the unexplained city-industry

variations in firm entry that we attempt to explain through time-varying city-level differences,

such as local leaders’ varying career advancement incentives.

To rule out other prefecture-level confounding factors, we also control for a set of city-level
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time-varying determinants (via Zit) that may be related to firm entry dynamics. First, market

size expansion and industrialization tend to have a positive impact on the creation of new firms

(Sato et al., 2012; Parker, 2018). We use city-level nominal GDP per capita, population size,

and the share of the non-agricultural sector in GDP as proxies for these effects. Second, during

our sample period, China gradually relaxed its restrictions on foreign direct investment (FDI).

The impact of FDI on local firm entry is indeterminate and context-specific (Hong et al., 2021).

On the one hand, FDI could crowd out entrepreneurship through the occupational choice chan-

nel by offering higher wages and better positions to talented individuals. On the other hand,

it could generate a knowledge spillover mechanism that would disseminate technological and

foreign know-how and trigger new business ventures (Acs et al., 2013). We adopt a city’s an-

nual FDI inflow to account for the potential impact of FDI. Third, we calculate the intensity of

college students, defined as the number of college students per 10,000 residents, to capture the

effect of human capital on entrepreneurial activities. Finally, we include the presence of special

economic zones (SEZ) to account for place-based policies that may result in the creation of new

firms by reducing non-market frictions and facilitating business operations (Lu et al., 2019; Tian

and Xu, 2022). εijt is the standard error clustered at the city leader level.

In subsequent robustness analyses, we also consider alternative specifications of city-level

and leader-level estimations and obtain consistent findings. However, we adopt a specification

at the city-industry level for our baseline analysis for three reasons. First, studies show that lo-

cal agglomeration forces play a key role in entrepreneurial activities (e.g., Ellison and Glaeser,

1997; Ellison et al., 2010; Duranton and Kerr, 2015). The incumbent industrial structure of

each region affects the marginal entry cost for specific new businesses through the availability

of shared suppliers, labor inputs, and innovative ideas; these metrics are calculated (and thus

should be controlled for) at the city-industry level (Delgado et al., 2010; Chatterji et al., 2014).

As such, given that our panel analysis is performed at the city-industry-year level, our results

are more comparable to previous findings based on similar specifications (e.g., Kerr and Nanda,

2009; Delgado et al., 2010; Kaplan et al., 2011; Ghani et al., 2014b; Kong et al., 2021). Second,
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a city-industry level estimation aligns with a data-generating process wherein an entrepreneurial

entry decision is made at the level of a city-industry pair. This scenario occurs in various the-

oretical frameworks. For example, Caliendo et al. (2019) develop a dynamic spatial model of

trade and migration and define a local labor market as being located in a specific US state. Ex-

panding this line of research, Caliendo and Parro (2020) consider the dynamic choices of firm

location in a country at the level of a region–sector pair. Therefore, examining the entry of

new firms at the city-industry level aligns with micro-level behavior and accurately reflects the

data-generating process. Third, as Chinese industries and regions are characterized by strong

heterogeneity, our setting at the city-industry level facilitates empirical identification (Bruno

et al., 2013) and enables us to explore the underlying mechanisms and regional heterogeneity

(Aghion et al., 2008; Ghani et al., 2014b).

2.3 Data

This study primarily investigates the impact of local leaders’ career advancement incentives on

the entry of new manufacturing firms in terms of quantity and quality, although we also report

related findings for the service sector in the last section. For our core analysis, we compile panel

data from 198 prefecture-level cities and 31 two-digit manufacturing industries in China from

1998 to 2013 .

To construct our career advancement incentive measure, we manually collect the biograph-

ical information and career trajectories of all prefecture-level leaders to estimate their ex ante

probability of promotion. This information includes their years of tenure, date of birth, hierar-

chical rank, education level, prior work experience, and subsequent political status after leaving

the prefecture-level city. We also cross-check the data on hierarchical levels, tenure years, and

subsequent positions using the Chinese Political Elite Database (Jiang, 2018). There are 747

city leaders in our sample from 1998 to 2013. In our sample, the average tenure of a prefecture-

level party secretary is 3.65 years. The mean and standard deviation of the intensity of career
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incentives are 0.34 and 0.20, respectively, which are very close to the estimates in Wang et al.

(2020).4

We use the firm registration database published by the State Administration for Industry

and Commerce of China (SAIC) to obtain firm entry and exit data. This dataset covers all

firms registered in China, providing information on their geographic location, main business

scope, and entry and exit dates, among other details. Because the SAIC provides more compre-

hensive data than those published by the Annual Survey of Industrial Firms (ASIF) database,

using registration data is more appropriate for analyzing entrepreneurship and firm dynamics

in developing countries (Li and Rama, 2015; Tian and Xu, 2022).5 We use data from the 2004

Economic Census as a reference to check the number of firms in each city-industry-year cell.

The entry rate of new firms is measured by dividing the number of new firm registrations by

the total number of firms in each city-industry cell for each year. As discussed in Shi et al.

(2021), before 2014, local bureaus of industry and commerce conducted annual inspections of

all Chinese firms. Deregistered or inactive firms were classified as exiting firms. We use this

information to compute the duration of firm survival, measured in months. We also calculate

the one-year (three-year) survival rate of firms at the city-industry level, measured as the ratio of

the number of surviving firms to the total number of new firms one year (three years) after entry.

Regarding the other variables, we construct a location quotient measure based on the reg-

istration data. We use the ASIF database to calculate firm-level TFP, an SOE intensity vari-

able at the city-industry level, and industry-specific (entry-level) capital and land intensity. For

industry-level capital intensity, we first identify all new entrants in each year, calculate their

capital-output ratio, and then construct our industry-level measure by averaging this ratio over

4The sample period in Wang et al. (2020) is 2000–2011, and they adopt a linear probability model (LPM) for
promotion estimation. Robustness tests confirm that our results hold when using alternative estimation methods,
such as the LPM or probit model.

5One concern may be that new firms register but do not carry out significant economic activities for diverse
reasons. However, this should not be a concern for manufacturing firms, the subject of our research. We cross-
check our registration data with data from the 2004 Economic Census and the results show that 95.3% of the
manufacturing firms in our sample engage in production to some extent, according to the census data.
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all firm-years in our sample. Our measure of industry-specific land intensity is constructed

analogously using corporate land transaction data sourced from Wang et al. (2020). For innova-

tion intensity, we match the patent information of China’s State Intellectual Property Office to

above-scale manufacturing firms in the ASIF database based on He et al. (2018) and calculate

the number of invention patent applications at the industry level by aggregating the information

at the firm level. We use the 2002 national input–output table to calculate industry-specific

government purchase intensity. We obtain data on city-year characteristics including GDP per

capita, population size, FDI, college student intensity, the share of the non-agricultural sector,

and fiscal transfers from the China City Statistical Yearbooks and the China Regional Economic

Statistical Yearbooks. The data on SEZs are obtained from the Catalogue of China’s Develop-

ment Zones (2018 version). Leader-specific corruption information is obtained from China’s

Corruption Investigations Dataset of Harvard Dataverse (Wang and Dickson, 2022). We infer

province-level support for a prefecture-level city through textual analysis of annual govern-

ment reports, the detailed manuscripts of which are downloaded from the PKU Law database

(www.pkulaw.com). Table 2 provides the summary statistics of all variables.

3 The effect of local leaders on the entry intensity of new

firms

3.1 Baseline results

We begin by examining the effects of local leaders’ career incentives on the intensity of en-

trepreneurial activities in China. The baseline results are reported in Table 3, with robust stan-

dard errors clustered at the prefecture-leader level. footnoteWe also run robustness checks with

standard errors clustered at the prefecture level and prefecture-industry level for all estimations.

The results remain unchanged. Column 1 includes our variable of local leaders’ career incen-

tive intensity and all fixed effects. Column 2 adds our measures of location quotient and SOE

intensity at the city-industry level. Columns 3 and 4 gradually incorporate different city-level
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confounding factors. Overall, we find that cities whose leaders have a higher ex ante probability

of promotion are associated with a higher level of entry of new manufacturing firms. The rela-

tionship is both statistically and economically significant. Based on our preferred specification

in Column 4, a one standard deviation increase in the intensity of local leaders’ career incen-

tives increases the entry rate of new manufacturing firms by 0.99 percentage points. If we shift

local leaders’ career advancement incentives from the 10th percentile to the 90th percentile, the

associated increase in the entry rate of new firms is 4.08 percentage points, or about 22.91% of

the average annual entry rate of manufacturing firms (i.e., 17.8%) in our city-industry sample.

Consistent with previous studies (e.g., Delgado et al., 2010), the location quotient is positive and

statistically significant in all cases, confirming the importance of the agglomeration economy.

More barriers to entry, proxied by greater SOE intensity in a city-industry cell, reduce the in-

tensity of entrepreneurial activities. New firm entry is also positively associated with locations

with larger populations, higher non-agricultural ratios, more FDI, and the presence of SEZs.

The impact of local leaders’ career advancement incentives on manufacturing firm entry is

widespread across firms of varying sizes. On the one hand, given China’s unique political–

business dynamics (Haveman et al., 2017; Ding et al., 2018; Bai et al., 2020a), it is possible that

highly motivated politicians tend to attract large investments and big corporations, rather than

focusing their efforts on small businesses. If China’s special arrangements are indeed unique

and favor only selected large entrants that can be touted as political achievements or generate

personal benefits for local leaders, our results should be driven by the entry of large firms into

each prefecture. On the other hand, studying the effect of a regulatory reform in Portugal that

substantially reduced firm entry costs, Branstetter et al. (2014) find that the reform increased

new firm entry and employment, but mainly among marginal firms. Therefore, if the helping

hand of the government is generic and systematically lowers entry barriers, it should lead to

new firm entry at the margin, allowing relatively small businesses to enter the market (which

otherwise would not have been able to do so). If this is the case in China, we expect to observe

a statistically significant association only between career incentive intensity and the entry rate
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of small firms.

To examine these two opposing possibilities, we split the sample to measure the entry rate

of new firms separately for large and small firms. Specifically, we define large firms as above-

scale firms in the ASIF sample (i.e., firms with sales above RMB5 million), while the entry

rate of small firms is computed by excluding new ASIF firms from the registration data in each

city-industry-year cell. We rerun our baseline specification and report the results in Columns 1

and 2 of Table 4. We observe that the intensity of career incentives is positively associated with

the creation of both large and small firms. However, the effect on small (below-scale) firms

is more pronounced. Specifically, a one standard deviation increase in the intensity of career

incentives leads to a 0.26 standard deviation increase in the entry rate of large firms and a 1.63

standard deviation increase in the entry rate of small firms.

Furthermore, we evaluate whether our findings are region-specific by exploring the effects

on subsamples of cities with different geographic locations and levels of economic develop-

ment. We calculate the average GDP per capita of each city between 1998 and 2013 and divide

them into two income groups based on the median value. Columns 3 and 4 of Table 4 present

the results for coastal cities and inland cities, respectively. Columns 5 and 6 report the results

for high-income and low-income cities, respectively. The results show that the impact of local

leaders’ career incentives is widespread across cities with different geographic and income at-

tributes. We report the split sample results for the regional estimation to be consistent with the

split sample estimation by firm size in the first two columns. We also estimate an interaction

term between regional characteristics (i.e., a coastal dummy or a high-income dummy) in Ap-

pendix Table A1. The interaction term is not statistically significant, indicating a similar impact

across different cities.

Overall, these results confirm that our baseline findings are not driven by any specific sub-

sample. More importantly, they illustrate that local politicians with strong career advancement
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motivations are willing and able to stimulate new business creation across firms of varying sizes,

and that their impact is pervasive across regions with different levels of economic development.

From the perspective of new firm creation, our study partly validates the keen observation of

Bai et al. (2020a) that “the Chinese system is best described not simply as a regime of special

deals but one where there is almost ‘free entry’ into special deals (p. 342).” Therefore, despite

China’s weak formal institutions and its consistently low ranking in global surveys on the Rule

of Law or Ease of Doing Business, China’s business dynamism has been strong with booming

entrepreneurial activities. The alignment of political aspirations with economic objectives cre-

ates a second-best institutional remedy for promoting economic growth in a large developing

economy.

3.2 Robustness analyses

3.2.1 Alternative measures, estimator, and specifications

In this subsection, we perform a series of tests to check the robustness of our main findings.

First, we consider the impact of alternative measures. Instead of using the entry rate of new

firms in each city-industry cell, we adopt the logarithm of the number of newly registered firms

in each city-industry as the dependent variable. Second, we use the two alternative measures

of career incentives discussed in Section 2.1 as our main independent variables. The results are

reported in Columns 1–3 of Table 5 and are consistent with our main findings.

Next, recent studies emphasize the potential estimation bias of log-linear regression models

when the outcome variable is skewed by many zeros (e.g., Cohn et al., 2022; Chen and Roth,

2024). Although our baseline setting does not involve a log-transformation and there are a lim-

ited number of zeros in our main dependent variable (only 10.2%), we re-estimate our baseline

specification using the Poisson estimator as a robustness check. The Poisson results are reported

in Column 4 of Table 5 and are consistent with our main results.
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We also consider three alternative specifications. Although the party secretary is the de jure

and de facto local leader in a prefecture-level city in China, the mayor also plays an impor-

tant role, particularly in matters of economic development. To rule out the potential impact of

city mayors, we measure each mayor’s ex ante probability of promotion analogously and in-

clude this variable in our estimation. Column 5 of Table 5 shows that the career advancement

incentives of party secretaries remain a strong determinant of local firm entry, with the same

magnitude as our baseline estimates, whereas those of mayors are not statistically significant.

Next, we aggregate all manufacturing industries in each city into one broad sector to calcu-

late the entry rate of new manufacturing firms at the city level and estimate a city-level specifi-

cation. In this case, we replace city-industry fixed effects with city fixed effects. The results are

reported in Column 6 of Table 5 and our conclusion remains unchanged. Finally, we consider

a leader-level specification similar to that of Wang et al. (2020). We use the average annual

entry rate of new firms for each leader during their tenure as the dependent variable. Column

7 presents our leader-level results, which are similar to the main results, confirming our main

finding that the career incentives of local leaders are associated with increased manufacturing

entrepreneurial activities in China.

3.2.2 Additional robustness checks

In our empirical setting, an endogeneity problem may arise due to the potentially non-random

allocation of city leaders. If high-incentive leaders tend to be assigned to cities with poor

economic performance or higher growth targets, and if there are unobserved contemporaneous

policy interventions in these cities that are positively associated with new business creation, our

identified relationship between the intensity of local leaders’ career incentives and the entry rate

of new firms could be spurious.

First, to examine whether there may be a systematic connection between the appointment of

local leaders with varying career incentives and a city’s pre-existing economic conditions, we
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consider a leader-level estimation. In this estimation, the dependent variable is the career incen-

tives of the incoming local leader and the independent variables are a set of city-level attributes

during their tenure. Specifically, our independent variables include GDP per capita, population

size, non-agricultural share in GDP, FDI, college student intensity, presence of SEZs, and entry

rate of manufacturing firms. Details are provided in Appendix Table A2. In Columns 1-2 of Ta-

ble A2, the independent variables are the respective growth rates averaged across the two years

prior to the leader’s start-office year in a city. In Columns 3-4, the independent variables are the

respective values averaged across all years during the tenure of the previous leader. Prefecture-

city fixed effects and year fixed effects are controlled for in Columns 2 and 4. Overall, we find

no statistically significant association between the appointment of leaders with varying career

incentives and the pre-existing economic conditions of local regions.6

Second, under the one-level-down political system in China, prefecture-level party secre-

taries are mainly evaluated and appointed by province-level leaders. If the assignment of city

leaders coincides with other policy interventions from the provincial government, estimation

bias could arise due to omitted variables. To alleviate this concern, we use two approaches to

quantify a provincial leader’s potential support for a city and control for their effects in our

estimation.

In the first approach, we draw on the emerging literature that directly infers government pol-

icy intentions and actions through textual analysis of government work reports (e.g., Wang and

Yang, 2021; Lin et al., 2023). Specifically, we obtain all annual provincial government reports

from the PKU Law database during our sample period. Next, we identify keywords related to

the name (including abbreviations) of each prefecture-level city and calculate the frequency of

mention of each city in the forward-looking part of the provincial government reports, which

outlines the main targets and development plans for the coming year. We assume that the more

a city is mentioned in the provincial government report, the more likely it is to be important for

6Wang et al. (2020) also verify that the personal characteristics of appointed leaders (such as age, rank, and
education) are irrelevant to the economic conditions of the cities where they are appointed.
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provincial development, potentially receiving additional policy support. We include our men-

tion frequency variable in the baseline specification and report the results in Column 1 of Table

6. We observe that the mention frequency variable is not statistically significant, and our core

estimate of career incentive intensity remains unchanged. We also use a subsample of all cities

with a below-median number of mentions for each province-year, assuming that the degree of

provincial attention and intervention is limited for these cities. The results reported in Column

2 indicate that among the cities rarely mentioned in provincial government reports, the impact

of local leaders’ career incentives on new firm entry remains significant and sizable.

Besides direct references in government reports, another proxy measure that can be indica-

tive of provincial-level backing is the fiscal transfer a city receives. Jiang and Zhang (2020)

show that provincial leaders tend to allocate more transfers to localities governed by officials

with whom they have informal political connections through past experiences. We collect and

compute the annual city-level fiscal transfers following Jiang and Zhang (2020) and include this

variable in our estimation. Column 3 shows that after controlling for the number of mentions

and fiscal transfers, our findings remain unchanged. Column 4 of Table 6 reports the results for

a subsample of cities with below-median annual fiscal transfers within a province-year, and the

key coefficient is still positive and significant.

In addition, if the appointment of party secretaries with high incentives is driven by a city’s

poor past economic performance, the observed positive correlation may reflect a pattern of

regression to the mean, that is, the entry rate naturally rebounds after a period of underper-

formance. First, as shown above, we do not find a significant connection between pre-existing

city-level economic conditions and the appointment of leaders with varying career advancement

incentives. Second, we include in our baseline estimation the annualized GDP growth rate and

the entry rate of new firms during the previous leader’s tenure. If there is a mean reversal trend,

the coefficients of these two variables should be significant and negative. The results are shown

in Column 5 of Table 6. The associations between economic performance during the previous
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leader’s tenure and the current rate of new firm creation are statistically indistinguishable from

zero, and the inclusion of these two variables does not affect our main coefficient .

Finally, we perform a falsification test by regressing the contemporaneous entry rate of new

firms on the career advancement incentives of the immediate successor in each city. We adopt

a leader-level specification for this analysis and present the results in Column 6 of Table 6. The

coefficient of career incentive intensity is not statistically significant, confirming that our iden-

tified relationship is not driven by statistical chance.

3.3 Sectoral heterogeneity and potential mechanisms

Taking advantage of the panel data structure, we investigate the varying effects of career incen-

tives on new firm entry across different industries and infer the potential mechanisms at work.

In this section, we test whether the marginal effect is heterogeneous across industries with vary-

ing degrees of capital intensity, land intensity, government purchase intensity, and innovation

intensity.

First, during the development process of the Chinese economy, the reform of the factor mar-

ket has lagged behind that of the product market. The capital market, in particular, is dominated

by state influence, political favoritism, and abundant misallocation (e.g., Chen et al., 2017; Wu,

2018). As most Chinese commercial banks are state-owned, they do not have the autonomy

to extend credit based solely on market and profit considerations. Instead, they tend to act in

accordance with national policy agendas and local development plans. Financing constraints

constitute a crucial barrier to entry for manufacturing firms (Kerr and Nanda, 2011); therefore,

a highly motivated local leader could facilitate new firm entry by coordinating bank–business

relationships and helping new firms obtain credit. If this is the case, we should observe a

more prominent marginal effect of career advancement incentives on new firm entry in capital-

intensive industries than in their counterparts.
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To empirically test this conjecture, we calculate the capital-output ratio of all above-scale

entrants in the ASIF database and aggregate it into an industry-level capital intensity measure

at the two-digit industry level. We create a dummy variable equal to 1 (0) for industries that are

above (below) the median capital intensity. We augment the baseline specification (Equation

2) to include the interaction term between the capital intensity dummy and the career incentive

intensity of local officials. The results are reported in Column 1 of Table 7. The interaction

term is positive and statistically significant, indicating that the marginal effect of local leaders

is more pronounced for capital-intensive firms at the time of entry than for other firms.

Second, Henderson et al. (2022) document the political manipulation of local land markets.

Wang et al. (2020) specifically associate land transactions and urban expansion with the career

advancement incentives of prefecture-level party secretaries. With local governments playing

a central role in urban planning and land development, offering land at lower prices could be

a potential channel through which city leaders help create new manufacturing firms. To test

this conjecture, we compute a land intensity measure by merging the land transaction data with

ASIF entrants and normalizing the firm-level land values by their total output levels. Next, we

create a dummy variable equal to 1 (0) for industries that are above (below) the median land

intensity level and interact it with the career incentive intensity variable in the baseline spec-

ification. Column 2 of Table 7 shows that the marginal effect of local leaders is stronger for

land-intensive industries than for other industries, indicating that land provision is an underly-

ing mechanism.

Third, Fang et al. (2022) demonstrate how the allocation of government procurement con-

tracts, which constitute an important source of public spending with spillover effects on the

local economy, could also be shaped by political considerations and competition among local

leaders. We explore this channel by computing a government purchase intensity variable based

on the 2002 national input–output table. We use the intermediate usage matrix and calculate the

24



demand intensity of each industry by the public sector.7 We again construct a dummy variable

indicating industries with above-median government demand. The interaction term between the

government purchase intensity dummy and the career incentives of local leaders is not statisti-

cally significant (Column 3 of Table 7). Alternatively, we can use the government expenditure

item among the end-use categories in the input–output tables to calculate government demand

intensity. When using this indicator, the interaction term remains not statistically significant.

Overall, public spending is not a strong enough factor to boost entrepreneurial activities. This

is not surprising given that firm entry is a decision that takes into account expected long-term

returns. With the high turnover rate and relatively short tenure of local leaders, guaranteeing

public spending is not a stable source of expected revenue.

Fourth, we evaluate the potential differential effect across industries with varying levels of

innovation intensity. To this end, we calculate the number of invention patent applications at

the industry level by aggregating patent information at the firm level, create a dummy variable

for above-median innovation intensity, and include it in our baseline estimation as an interac-

tion term with our career incentive measure. The results are presented in Column 4 of Table

7, showing that the marginal effect of career incentives is homogeneous across industries with

different levels of innovation intensity. Therefore, local leaders with stronger career advance-

ment incentives do not disproportionately promote innovative entrepreneurial efforts. This can

result from a lack of motivation or a lack of resources. First, as discussed in Sun (2023), high-

incentive leaders tend to pursue a short-sighted development strategy that favors infrastructure

investment and limits science and technology spending. Second, even if a leader is motivated

to promote the creation of firms in innovation-intensive industries, the provision of capital and

land may be secondary to the development of these firms, while the necessary core technologi-

cal comparative advantage cannot be generously supported by the government.

7The public sector includes the scientific research industry; the professional, technical, and other scientific and
technological services industry; the geological survey industry; the water management industry; the environmental
resources and public facilities management industry; the resident services and other services industry; the education
industry; the health care industry; the social security and social welfare industry; the culture, arts, radio, film, and
television industry; and public administration and social organizations.
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Column 5 of Table 7 reports the results combining all four interaction terms, yielding con-

sistent findings. After including all four interaction terms, the stand-alone effect of career in-

centives remains statistically significant, but the magnitude of the coefficient becomes smaller,

which signals the explanatory power of the proposed channels.8 Overall, our findings confirm

the importance of financing and land provision in the creation of manufacturing firms. As these

production factors are strictly controlled by the Chinese government, we can infer that local

leaders with strong career advancement incentives attempt to boost the entry of new manufac-

turing firms by offering critical access to capital and land. Conversely, public spending and gov-

ernment procurement do not appear to be viable sources for fostering entrepreneurial activities.

Although motivated local leaders do not seem to contribute to the creation of innovation-driven

business ventures, we also do not observe a negative spillover effect that crowds out innovative

new entrants.

In addition, it is widely documented that place-based policies play an important role in

China’s development strategy (Zheng et al., 2017; Lu et al., 2019). Our results confirm the

importance of SEZs in triggering the creation of new local firms. Based on Column 4 of Table

3, cities with SEZs are associated with a 0.67 percentage point increase in the entry rate of new

manufacturing firms. We therefore examine whether local leaders tend to stimulate the creation

of new firms by creating new SEZs. Specifically, we adopt the newly created SEZ dummy as

the dependent variable and regress it on the career advancement incentives of local leaders. The

following control variables at the city level are included: GDP per capita, population size, non-

agricultural share, FDI inflow , college student intensity, and city fixed effects and province-year

fixed effects.

The results are reported in Column 6 of Table 7. We find that the probability of a city

8Including the capital and land intensity interaction terms accounts for approximately 45.5% of the positive
effect of career incentives on new firm entry.
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establishing a new SEZ increases with the career advancement incentives of local leaders.9

Therefore, place-based policies such as SEZs are tools used by highly motivated local leaders

to promote the creation of new firms. This finding is also consistent with those of Shen et al.

(2022) that city leader turnover leads to significant changes in place-based policies and that

highly motivated leaders for career advancement tend to implement greater changes in place-

based policies.

4 What about quality?

4.1 The effect of local leaders on the quality of new entrants

Bai et al. (2020a) argue that Chinese local governments often use their discretionary power to

offer preferential treatment to firms in ways that enhance overall economic efficiency. Brandt

et al. (2020) and Jiang et al. (2021) illustrate the importance of removing barriers to entry to

promote market competition and economic growth. If local leaders with strong career advance-

ment incentives can mobilize local resources to increase the entry of more new manufacturing

firms‚ which would otherwise be blocked by China’s rigid formal institutions‚ the political sys-

tem seems to offer a second-best informal remedy. However, before reaching this conclusion,

we need to investigate the impact of local leaders on the quality performance of new firms.

First, we examine the survivability of firms entering the market for years with local leaders

with varying career advancement incentives. Using registration and deregistration data from

1998 to 2016, we calculate the one-year (three-year) survival rate of firms at the city-industry

level, which is the ratio of the number of surviving firms to the total number of new firms one

year (three years) after entry.10 We use the one-year and three-year survival rates of firms sepa-

9The results remain unchanged when we perform logistic regression or Poisson estimation. Note also that if
the establishment of SEZs is causally related to career incentives, our baseline coefficient for the effect of local
leaders on the entry rate of new firms (as presented in Column 4 of Table 3) may be underestimated, given that we
also control for the number of contemporaneous SEZs in each city.

10Specifically, we define the k-year survival rate in each city-industry-year as Sk
ijt = Existt−kijt

NEij,t−k , where
NEij,t−k is the total number of new firms in city i in industry j in year t − k, and Existt−kijt is the number
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rately as dependent variables and re-estimate our baseline specification. As shown in Columns

1 and 2 of Table 8, the coefficients in both cases are significant and negative, indicating that

firms that enter the market during the tenure of high-incentive leaders tend to experience lower

survivability.

As a complementary firm-specific measure, we calculate the total time (in months) each

firm remained in the market based on its registration and deregistration dates, using registra-

tion data up to the end of 2020. For firms that remain active after 2020, their survival status

is unknown. Therefore, for ease of comparison, we only include firms that exited the market

by the end of 2020 in our regression analysis.11 Adopting as the dependent variable the total

survival time of each firm entering the market in a specific city-industry-year, we find that firms

entering the market in city-years with leaders with stronger career incentives exhibit shorter

survival (Column 3 of Table 8). Moving local leaders’ career advancement incentives from the

10th percentile to the 90th percentile is associated with a 4.61-month decline in firm survival,

which accounts for 10.74% of the average survival time in our sample.12

Using the experiences of Mexico and Portugal, Kaplan et al. (2011) and Branstetter et al.

(2014) evaluate the effects of entry regulation reform on entrepreneurship. Both studies find

that such a reform lowers barriers to entry and causally induces the entry of a greater num-

ber of new firms. However, the overall impact is concentrated on marginal firms, and thus the

long-term growth implications of firm entry are limited. If motivated local leaders in China

promote firm entry by systematically lowering the cost of entry at the margin, additional en-

trants may be smaller, less productive firms that are more likely to exit the market within a

short period, thereby pulling down the average survival rate. In Section 3.1, we demonstrate

that local leaders with strong career incentives lead to the entry of both large and small firms,

of surviving firms in year t that entered the market in year t− k.
11Alternatively, we use all firms and calculate their survival time by the end of 2020 using a truncated sample;

our results remain unchanged.
12For the sake of brevity, we relegate the associated robustness checks regarding quality to Appendix Section C

and Table A3.
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implying that the Chinese mechanism does not systematically change entry barriers at the mar-

gin but offers widespread but selective treatment to all firms. We now specifically examine the

potential impact of local leaders on the survivability of firms of different initial sizes. To do

this, we augment Column 3 by including an interaction term between firm-specific registration

capital at the time of entry and the career incentive variable. We report the results in Column 4

of Table 8. The amount of initial registration capital is positively associated with firm longevity,

consistent with the literature on firm dynamics, which indicates that larger (and probably more

productive) new firms tend to survive longer (e.g., Hopenhayn, 2014). The interaction term is

not statistically significant, while the stand-alone effect of our career incentive variable remains

negative and significant. This demonstrates that the negative impact of motivated local leaders

on firm survivability is widespread across firms of varying sizes.13

Furthermore, we examine the productivity dynamics of large, above-scale manufacturing

firms using the ASIF data from 1998 to 2007. The calculation of firm-specific TFP follows the

approach outlined by Yu (2015). Column 5 of Table 8 compares the TFP of new firms across

city-years with local leaders with varying career incentives. The estimated coefficient is indis-

tinguishable from zero, suggesting that the productivity of large manufacturing firms entering

the market in city-years with highly motivated leaders does not differ from that of firms enter-

ing the market under less motivated leaders at the time of entry. Interestingly, when we analyze

the subsequent TFP performance of these firms, we observe that the TFP growth rate of firms

entering the market during city-years with highly motivated leaders is notably sluggish. Fig-

ure 1 shows the estimated coefficients of the TFP gap between the two groups of firms during

the first four years after entry. In the third and fourth years after entry, as shown in Columns

6 and 7, respectively, firms initially created under high-incentive leaders are significantly less

productive than their counterparts created during the tenure of leaders with low incentives. We

acknowledge that this TFP result is severely limited by data availability. Nevertheless, it offers

13As an alternative test, we divide firms based on their registration capital into two categories and estimate the
results for each subsample. In both groups of firms, new entrants in city-years with high-incentive leaders are
associated with shorter survival.
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complementary evidence that, together with the survivability results, presents a consistent find-

ing: although highly motivated local leaders can promote the entry of more new manufacturing

firms, the quality of these new firms is not desirable. Furthermore, the quality deficit, common

across firms of varying sizes, is not merely a reflection of a general reduction in barriers to entry.

4.2 Potential explanations for the quantity–quality trade-off

We aim to understand the observed quality deficit (linked to high-incentive leaders) by evaluat-

ing two potential explanations. First, we test whether corruption plays a role in this finding. For

instance, if local officials are deeply corrupt, they may allow only personally connected firms

to enter the market. Highly motivated leaders may be incentivized to engage in reciprocal deals

in anticipation of future monetary returns or political assistance, and these connected firms are

likely to be less productive. To assess this conjecture, we construct a leader-specific corruption

indicator by merging the names of our 747 local leaders with China’s Corruption Investigations

Dataset (Wang and Dickson, 2022), cross-checking their tenure and career trajectories. The

variable Corrupt(s) takes a value of 1 if leader s was investigated during the anti-corruption

campaign after 2013 and 0 otherwise. It is assumed that officials subject to subsequent investi-

gations were proportionately more involved in corrupt deals before 2013. We then augment the

baseline specification by interacting this indicator with our career incentive variable and report

the results in Column 1 of Table 9. The coefficient of the interaction term is close to zero and

is not statistically significant, showing that the corruption motive does not explain the associ-

ation between the intensity of career incentives and the quantity of new firms. Furthermore,

we examine the link between leader-specific corruption and the quality of new firms, using the

one-year survival rate and total survival time separately as dependent variables. In Columns 2

and 3 of Table 9, we can see that the interaction terms between the corruption indicator and the

intensity of career incentives remain not statistically significant. This indicates that the quality

deficit associated with leaders with strong career advancement incentives is not related to their

level of corruption.
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As discussed in Wang et al. (2020), the opportunity costs of corruption are actually higher

for younger city leaders with stronger career incentives than for their counterparts; hence, they

are less likely to engage in corrupt deals. Although Shi et al. (2021) document a pattern of

co-movement of interregional investments in China following bureaucratic transfers, they also

show that officials with promotion incentives appear to be more cautious than their counterparts.

In addition, political connections between government officials and firms typically occur within

big corporations. Even among the top 1,205 listed companies in China, Ding et al. (2018) find

that only 18.1% of these firms are locally connected during the 2004–2013 period. Therefore,

in the pool of 1.24 million registered manufacturing firms in China (in our sample), the likeli-

hood of dominant political connections is limited. In summary, corruption motives and personal

connections cannot explain the observed poor quality of new firms entering the market during

the tenure of local leaders with strong career advancement incentives.

Next, we turn our attention to the possible cause of the mismatch between the types of new

entrants and local fundamentals. In China’s tournament system, local leaders rotate constantly,

with an average tenure of only 3.65 years during our sample period. The best performing and

most highly motivated leaders have higher expectations of leaving a city soon, which may lead

to potential shortsightedness in development strategy and policy implementation (e.g., Xiong

and Song, 2018; Sun, 2023). As shown in Section 3.3, local leaders tend to attract new man-

ufacturing firms by offering critical access to factors of production such as capital and land,

resulting in a disproportionate increase in capital- and land-intensive entrants during the tenure

of high-incentive leaders. However, given distinct initial conditions and local comparative ad-

vantages, it is reasonable to expect that some localities may not be suitable for capital- or land-

intensive types of manufacturing production. We also show that another way for local leaders

to trigger entrepreneurial activities is to implement new place-based policies. As also docu-

mented in Shen et al. (2022), city leader turnover often leads to abrupt changes in place-based

policies in China, the effects of which are even more prominent among leaders with strong ca-
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reer advancement incentives. Again, place-based policies such as SEZs are not expected to be

one-size-fits-all solutions across all regions, not to mention the deliberate and constant change

in policy implementation. In this context, even if local leaders are benevolent, development-

oriented, and actively lend a helping hand to promote the entry of new local firms, given the

limited means of intervention at their disposal, the type of new entrants in some cities may not

align with the external market environment or existing local fundamentals. When this is the

case, the subsequent performance of new entrants, in terms of productivity growth and survival

rates, will be weakened.

To test the explanatory power of the entrant–city mismatch conjecture, we categorize indus-

tries in each city-year into different groups based on their city-industry-year location quotient.

Recall that the location quotient variable reflects the clustering of economic activities by calcu-

lating the intensity of an industry in a city relative to the national average. As our specification

is at the two-digit industry level, this measure serves as a proxy for both product similarity

and supply chain proximity, given that the majority of intermediate input usage occurs within

a two-digit industry. If an industry ranks high in the initial location quotient ranking, we infer

that the city has favorable conditions, such as a strong customer base, geographic advantages,

knowledge spillovers, supply chain availability, and compatible factors of production, for the

development and growth of this industry (e.g., Delgado et al., 2010; Kerr and Kominers, 2015).

Our previous results regarding both the quantity and quality of new entrants confirm the impor-

tance of the location quotient variable. In Column 4 of Table 3, the entry rate of new firms is

positively and significantly associated with the location quotient at the city-industry level. In

Table 8, the one-year and three-year survival rates, as well as the TFP of new entrants (both

at the time of entry and four years after entry), are higher in city-industry cells with a higher

location quotient.

For our empirical analysis, we consider two dichotomizations of industries in each city-

year. First, we define the indicator variable matched50ijt, which takes a value of 1 if industry j in
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city i in year t is above the median (i.e., the 50th percentile) in the city-industry-year location

quotient ranking, and 0 otherwise. Second, we define the indicator variable matched25ijt, which

takes a value of 1 if industry j is among the top 25th percentile of the location quotient ranking

in the city, and 0 otherwise.14 We believe that industries ranked high in the location quotient

ranking have comparative advantages consistent with local fundamentals. We then augment the

baseline specification with interaction terms between career incentive intensity and these two

indicator variables and report the results in Columns 4 and 5 of Table 9, respectively. In both

estimations, the location quotient variables (i.e., matched50ijt and matched25ijt) are crucial (and

positive) predictors of the entry rate of new firms. However, the coefficients of the interaction

terms are negative and statistically significant, indicating that although high-incentive leaders

are generally pro-entrepreneurship, the types of firms that enter the market during their tenure

tend to deviate considerably from local fundamentals.

Finally, we explicitly analyze the quality implications by replacing the dependent variable

with survivability measures and report the results in Columns 6–9 of Table 9. Columns 6 and

7 use the one-year survival rate as the dependent variable, while Columns 8 and 9 adopt firm

longevity as the dependent variable based on a firm-level specification.15 In Column 6, the

coefficient of the career advancement incentive variable remains negative and statistically sig-

nificant, while its interaction term with matched50ijt is positive but not significant. In Column

7, the coefficient of the interaction term between the career advancement incentive variable

and matched25ijt is positive and statistically significant. This shows that new firms entering the

market during the tenure of highly motivated leaders have lower overall viability than their

counterparts; nevertheless, if a new firm enters an industry that is strongly aligned with local

clustering and comparative advantages, the negative marginal effect of high-incentive leaders

on the quality deficit is alleviated. Using firm survival time as the dependent variable, Columns

14For each city, the correlation of the location quotient ranking over the years is very strong, with an average
correlation coefficient of 0 .88. We also conduct sensitivity tests using the location quotient ranking from the
previous year or taking the all-time average to generate the location quotient ranking in each city. The findings
remain unchanged.

15Using the three-year survival rate yields similar results, which are not presented here for the sake of brevity.
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8 and 9 present consistent findings.

Overall, we find that the lackluster quality of new firms entering the market during the tenure

of highly motivated leaders may be attributed in part to incongruity between entrant types and

local fundamentals. In a recent study, Lin et al. (2023) reveal the positive impact of political ro-

tation on knowledge spillovers. In particular, they report that prefecture-level party secretaries

bring the knowledge they accumulated in previous cities to their new positions through rotation

and tend to implement similar industrial policies, such that the export patterns become simi-

lar after rotation. Instead of focusing on contemporaneous export performance and associated

comparative advantages, our analysis is more general in terms of firm coverage and highlights

the entry and exit margins of firm dynamics under leaders with varying career advancement

incentives. However, according to our findings, the knowledge spillovers documented in Lin

et al. (2023) may not necessarily be beneficial in the long term if the two cities are very distinct

in terms of resource endowments and initial comparative advantages. Our findings are more

in line with those of Wang et al. (2020) and Fang et al. (2022), who emphasize the potentially

distortionary impacts of overly motivated local leaders in China. The multifaceted and complex

evaluation of China’s tournament competition system testifies to the complex relationship be-

tween informal institutions and economic development, requiring further research.

5 Auxiliary analyses and implications for China’s economic

slowdown

After decades of impressive economic growth, China’s growth trajectory slowed markedly after

the 2007/2008 financial crisis. Brandt et al. (2023) use firm productivity estimates from 1998

to 2013 to understand the decline in business dynamism in China, highlighting the overall loss

of momentum in the private sector and the reduced contribution of new firm entry to aggre-

gate productivity improvement. Zilibotti (2017) offers a comprehensive discussion of China’s

strengths and weaknesses as it transitions from an investment-driven growth paradigm to an
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innovation-driven paradigm. In this subsection, we explore the evolving effects of local lead-

ers on manufacturing entrepreneurship during our sample period and examine the impact of

high-incentive officials on other important indicators, including productivity growth and exit

rates of incumbent manufacturers and entry and exit patterns of service industries. Collectively,

we demonstrate that analyzing the nexus between the career incentives of local leaders and

entrepreneurial dynamics in China provides a cohesive framework for understanding both the

growth and the gradual slowdown of the Chinese economy.

First, we demonstrate above that highly motivated local leaders attract more manufacturing

entrepreneurial activities during their tenure than less motivated local leaders, but the subse-

quent productivity and survivability of these new firms are not satisfactory. This quantity–

quality trade-off illustrates the limits of informal institutions propelled by China’s merit-based

promotion system. Can the benefits outweigh the losses? According to our empirical results

based on the full sample from 1998 to 2013, shifting the career incentive intensity of local lead-

ers from the 10th percentile to the 90th percentile is associated with a 22.91% increase in the

entry rate of new firms and a 10.74% decrease in the longevity of these new entrants (percent-

ages calculated relative to sample averages). If we impose the naive assumption that the impact

of new entrants on aggregate growth is the same for all firms and is linear with respect to the

total number of months they survive16, then our baseline results imply that gains in quantity can

outweigh the loss in quality. In this case, informal institutions do serve as a second-best rem-

edy, which is consistent with the broader picture of business dynamism and economic growth

in China. We acknowledge that a thorough welfare analysis requires a structural model that

takes into account the detailed mechanisms underlying the effect of new entrants on aggregate

productivity growth, such as pro-competitive effects (Jiang et al., 2021) and crowding-out ef-

fects, which is beyond the scope of this study. Nevertheless, we can infer the evolution of the

effectiveness of the informal institutional arrangement by examining the dynamic change of the

16This is an oversimplified and unrealistic assumption for the sake of discussion. Please note that the marginal
impact of local leaders is widespread across firms of varying sizes in both our quantity and quality analyses, so it
is not straightforward to formulate a step function for the welfare implications of the quantity–quality trade-off.
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quantity–quality trade-off within our sample.

The identified marginal effect of local leaders on new firm entry is likely to change over

time. Although economic development is often considered a key indicator in the evaluation

and promotion of local leaders, recent studies emphasize the multitasking concerns that shape

the motivations and executive focus of Chinese bureaucrats in a changing economic and politi-

cal landscape. For instance, Chen et al. (2018) and Cao et al. (2021) discuss how local officials

maintain an intricate balance between economic development objectives and environmental pro-

tection targets, with the latter becoming increasingly important as the country faces pollution

problems after rapid manufacturing expansion. Furthermore, the massive stimulus package in-

troduced after the 2007/2008 financial crisis shifted the mandate and policy agenda of local

officials toward public spending and infrastructure development (Bai et al., 2020b; Dinlersoz

and Fu, 2022).

To evaluate possible changes in the quantity–quality trade-off, we create the dummy vari-

able Post08, which takes a value of 1 for all years between 2008 and 2013, and 0 for all years

between 1998 and 2007. The results that include the interaction term between Post08 and the

career incentive intensity variable are presented in Columns 1 and 2 of Table 10. The dependent

variable is the entry rate of new manufacturing firms in Column 1 and the survival duration

of firms in Column 2. Interestingly, the coefficients of the interaction term are negative and

statistically significant in both estimations, suggesting that the impact of local leaders on en-

trepreneurial intensity becomes less prominent after the financial crisis and that their effect on

the quality of new entrants weakens further. Numerically, the positive marginal effect of career

incentives on the entry rate of new manufacturing firms decreases by 5.54% after 2008, com-

pared with the pre-2008 period, and the negative marginal effect of career incentives on firm

survival increases by 7.49%. Although still effective, the impact of career-driven local leaders

on the local manufacturing economy has been moderate in recent years. The declining role

of motivated political leaders in boosting local manufacturing entrepreneurship is likely to be
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due to a combination of factors: multitasking in political evaluations, the changing political at-

mosphere, the natural diminishing returns of repeated industrial and place-based policies, local

resource constraints after the financial crisis, and the collapse of global exports hampering man-

ufacturing expansion. In any case, the winding down of a previously strong growth mechanism

due to the political–business interplay can partly account for the decline in business dynamism

in China after 2007.

In addition, we consider other margins of firm dynamics by examining whether local leaders

with strong career incentives can contribute to the development of incumbent manufacturers or

extend the longevity of existing firms. Specifically, Column 3 of Table 10 reruns the baseline

specification by replacing the dependent variable with the exit rate of manufacturing firms in

each city-industry. Column 4 adopts a firm-level specification (with firm fixed effects) using the

annual TFP growth rate of above-scale manufacturers as the dependent variable. In both cases,

the coefficient of the career incentive variable is close to zero and is not statistically significant,

indicating that even highly motivated leaders are unable to facilitate improvements in manu-

facturing productivity or to prevent businesses from exiting the market. Under the assumption

that local leaders with stronger career advancement incentives are more eager to promote the

local economy, our findings further highlight the important role of encouraging the entry of new

manufacturing firms as a dominant strategy to achieve their economic objectives.

Finally, we turn to the potential impact of high-incentive leaders on the development of ser-

vice firms. Columns 5 and 6 of Table 10 use the entry and exit rates of service firms at the

city-industry level, respectively, as dependent variables according to the baseline specification.

We observe that the intensity of local leaders’ career incentives is associated neither with the

entry of new service firms nor with their exit patterns. The influence of local leaders on the

service sector is minimal, either because of a lack of incentives or a lack of policy tools. On the

one hand, the development of service firms may be smaller scale and take longer than that of

manufacturing firms, thus producing lower returns on short-term economic targets and ranking
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lower on the list of political priorities. On the other hand, given the diverse nature of service

industries, local leaders may not have a systematic approach to contributing to the development

of the service sector. As we document, their dominant strategies are to provide capital and land

and build new SEZs, which may not be as effective in promoting the entry of new service firms.

As a country undergoes structural transformation, the share of manufacturing in the overall

economy continues to decline, while the share of the service sector gains weight. As productiv-

ity growth in the service sector tends to be slower than that in the manufacturing sector, struc-

tural changes and the rise of services usually result in a deceleration of the aggregate growth

rate (Boppart, 2014; Timmer et al., 2015). Based on our findings, China’s structural transfor-

mation process bears an additional burden, compared with other countries, that drags down its

aggregate economic growth rate. That is, the active role and helping hand of highly motivated

local governments are no longer enough to jump-start the local economy when the service sec-

tor becomes important. The problem of incentive compatibility within China’s current political

system is less concerning. According to the recent literature on multitasking in political evalua-

tions (Chen et al., 2018; Cao et al., 2021), local leaders in China are expected to respond quickly

to specific policy agendas if the central government provides concrete directives and incentives

to develop the service sector, although the related mechanism design is bound to be complex,

if not unfeasible (Fisman and Wang, 2017). Most importantly, the quantity–quality trade-off in

the service sector may be even more severe than the situation we identify in the manufacturing

sector, as the development of innovation-intensive service firms tends to be more adventurous,

diverse, and unpredictable than that of manufacturing firms. In this sense, we expect the overall

role of local leaders in promoting economic growth to be increasingly constrained with the rise

of services in the country.

In summary, our findings not only reveal the central role that the entry of manufacturing

firms plays when motivated local leaders attempt to promote the local economy but also provide

a general framework for analyzing the growth and slowdown of a developing country operating
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under second-best institutions.

6 Conclusion

When the career advancement of local officials hinges on economic development, this provides

a strong incentive for highly motivated leaders to jump-start the local economy with various

types of administrative assistance and interventions. This particular dynamic between local

politicians and businesses is considered a unique feature of Chinese institutions that can ex-

plain the seemingly contradictory observation of robust economic growth in the context of

weak formal institutions. Through the lens of new firm entry, this paper offers comprehen-

sive, micro-based evidence that illustrates both the advantages and limitations of “second-best”

informal institutions. Specifically, we follow Wang et al. (2020) in constructing a career in-

centive measure for party secretaries in prefecture-level cities using their ex ante probability

of promotion, which is predicted by their age and their political hierarchy at the start of their

tenure. Using panel data from 198 cities and 31 manufacturing industries covering the period

from 1998 to 2013, we find that the career advancement incentives of local leaders are posi-

tively and significantly associated with the entry rate of new manufacturing firms. However,

they are negatively associated with the survivability and productivity dynamics of new entrants,

presenting a quantity–quality trade-off. Furthermore, the entry and exit rates of service firms,

the exit rate of manufacturing firms, and the productivity growth of incumbent manufacturers

do not respond to the career incentives of local leaders. Our findings not only shed new light

on the nexus between informal institutions and economic growth but also provide a coherent

framework for understanding the ups and downs of the Chinese economy.
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Figure 1: The effects of local leaders’ career incentives on the dynamics of firm productivity

Note: The coefficients are estimated separately by replacing the dependent variable in Equation
(2) with the TFP of new entrants in year T . Period T denotes the year a manufacturing firm
enters the market. Period T + n indicates n years after entry. At the time of entry, new firms in
city-years with high-incentive leaders are indistinguishable from those entering city-years with
low-incentive leaders in terms of TFP. In the third and fourth years after entry, firms initially
established under high-incentive leaders are significantly less productive than their counterparts.
Our TFP estimation follows Yu (2015) and is based on the ASIF sample from 1998 to 2007.
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Table 1: Promotion probability of party secretaries at the prefecture-city level

Dependent variable: Promotion dummy (1) (2) (3)

Starting age -0.1234*** -0.1156*** -0.4508*
(0.0142) (0.0146) (0.2519)

Dummy: Deputy-province -8.6986*** -8.9556*** -11.5513***
(1.3903) (1.4106) (3.0871)

Dummy: Province or above -0.4814 -0.3494 5.8484
(0.3241) (0.3417) (15.5836)

Starting age×Dummy: Deputy-province 0.1542*** 0.1587*** 0.1447**
(0.0277) (0.0282) (0.0667)

Starting age×Dummy: Province or above 0.0383*** 0.0348*** -0.1039
(0.0031) (0.0038) (0.2670)

Dummy: Central work experience 0.2747 0.7285*
(0.1791) (0.3995)

Dummy: Graduate degree 0.2000* 0.3003
(0.1102) (0.4797)

Population size 1.5282***
(0.5928)

GDP growth rate 2.4494*
(1.3026)

Constant 5.6780*** 5.2451*** 1.4811
(0.7061) (0.7457) (3.2850)

R-squared 0.1411 0.2888 0.3727
Observations 747 747 747

Note: The dependent variable is a dummy variable equal to 1 if a local leader was promoted to a higher-level
position at the end of their term, and 0 otherwise. We perform logistic regression, with standard errors reported in
brackets. The predicted values capture local leaders’ ex ante probability of promotion. The predicted value
presented in Column 1 is our baseline measure of the career incentive intensity of local leader s in city i, denoted
by CIi(s); those presented in Columns 2 and 3 are our alternative career incentive measures. *** p<0.01, **
p<0.05, * p<0.1.

41



Table 2: Summary statistics

Variable Mean S.D. Min. Max. Definitions
Career incentives 0.34 0.20 0.05 1 Career advancement incentives of party secretaries at the prefecture-level city
Manufacturing firm entry rate 17.80 13.58 0.00 100 Entry rate of manufacturing firms at the prefecture-industry level
Manufacturing firm exit rate 4.53 9.27 0.00 100 Exit rate of manufacturing firms at the prefecture-industry level
1-year survival rate 0.81 0.23 0.00 1 Manufacturing firms’ one-year survival rate at the prefecture-industry level
3-year survival rate 0.76 0.25 0.00 1 Manufacturing firms’ three-year survival rate at the prefecture-industry level
Survival month 42.89 44.42 0.00 260 Survival duration of new manufacturing firms (in months)
Total factor productivity (TFP) 0.27 0.47 -8.60 10 TFP of new, above-scale manufacturing firms (in log)
Service firm entry rate 14.30 14.37 0.00 100 Entry rate of service firms at the prefecture-industry level
Service firm exit rate 4.56 8.36 0.00 100 Exit rate of service firms at the prefecture-industry level
Location quotient 1.01 0.92 0.01 5.69 Agglomeration measure at the prefecture-industry level
SOE intensity 0.10 0.20 0.00 100 Number of SOEs at the prefecture-industry level
GDP per capita 2.59 2.62 0.31 12.29 Prefecture-level GDP per capita (RMB10,000)
Population size 437.13 231.43 45.82 1203.64 Prefecture-level total population (10,000 people)
Non-agricultural share in GDP 85.11 8.92 46.85 98.82 Prefecture-level share of the non-agricultural sector in GDP
Foreign direct investment (FDI) 5.28 10.76 0.00 136 Prefecture-level FDI inflows (USD1 billion)
College student intensity 208.50 220.91 13.00 1003 Prefecture-level enrollment of college students per 10,000 residents
Special economic zones (SEZ) 0.94 0.24 0.00 1 Prefecture-level indicator variable for the presence of SEZs
Number of mentions 1.92 3.19 0.00 30 Prefecture-level number of mentions in the forward-looking part of the provincial government report
Fiscal transfer 44.91 62.71 0.00 122.01 Prefecture-level value of fiscal transfers received from provincial governments (RMB1 billion)
Registration capital 1018.77 8568.58 1.00 1,000,000 Registration capital of new manufacturing firms (RMB10,000)
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Table 3: The effects of local leaders’ career incentives on the entry rate of manufacturing firms:
Baseline estimates

Dependent variable: Firm entry rate (1) (2) (3) (4)

Career incentives 7.0535*** 6.9800*** 7.0657*** 7.0666***
(0.6190) (0.6354) (0.6343) (0.6291)

Location quotient 3.8516*** 3.8929*** 3.8969***
(0.3464) (0.3454) (0.3454)

SOE intensity -1.7670*** -1.5486*** -1.6045***
(0.4645) (0.4467) (0.4529)

GDP per capita -0.4935 -0.4901
(0.4460) (0.4460)

Population size 3.4804** 3.4097**
(1.4297) (1.4081)

Non-agriculture share 0.3010*** 0.2759***
(0.0419) (0.0426)

Foreign direct investment 0.5629***
(0.1620)

College student intensity 0.3164
(0.2123)

Special economic zone 0.6674**
(0.3278)

Constant 15.3393*** 14.1956*** -27.4128** -32.4062***
(0.2301) (0.2582) (10.7224) (10.8609)

Prefecture-industry FE Yes Yes Yes Yes
Industry-year FE Yes Yes Yes Yes
Province-year FE Yes Yes Yes Yes
R-squared 0.3814 0.3875 0.3895 0.3899
Observations 78,165 78,165 78,165 78,165

Note: The dependent variable is the entry rate of manufacturing firms at the prefecture-industry level. Our career
incentives variable is constructed using the predicted value from Column 1 of Table 1, following Wang et al.
(2020). Location quotient and SOE intensity are controls at the prefecture-industry level. GDP per capita,
population size, foreign direct investment, and college student intensity are expressed in logarithmic form. Special
economic zone is a dummy variable that takes a value of 1 if there is an SEZ in a prefecture-level city. Standard
errors, reported in brackets, are heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01,
** p<0.05, * p<0.1.
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Table 4: The effects of local leaders’ career incentives on the entry rate of manufacturing firms: Subsample results

(1) (2) (3) (4) (5) (6)
Above-scale firms Below-scale firms Coastal cities Inland cities High-income cities Low-income cities

Career incentives 1.3434*** 8.4333*** 6.7263*** 7.6500*** 5.7762*** 8.3518***
(0.3585) (0.8176) (0.7822) (1.0273) (0.9355) (0.8846)

Location quotient 0.3841*** 2.0116*** 3.9160*** 4.0802*** 4.2940*** 3.7633***
(0.0948) (0.2774) (0.6142) (0.4086) (0.5979) (0.4286)

SOE intensity -2.3952*** -1.4737*** -0.8959 -2.1283*** -2.1528*** -0.7844
(0.1899) (0.5424) (0.6926) (0.6132) (0.7281) (0.6173)

Other city-level controls Yes Yes Yes Yes Yes Yes
Prefecture-industry FE Yes Yes Yes Yes Yes Yes
Industry-year FE Yes Yes Yes Yes Yes Yes
Province-year FE Yes Yes Yes Yes Yes Yes
R-squared 0.3499 0.4434 0.4335 0.3705 0.4463 0.3736
Observations 78,165 78,165 40,945 37,220 40,123 38,042

Note: In Columns 1 and 2, the dependent variable is the entry rate of manufacturing firms at the prefecture-industry level, based on above-scale manufacturing firms
from the ASIF database and below-scale firms, respectively. In Columns 3–6, the dependent variable is the total entry rate of manufacturing firms at the
prefecture-industry level. All city-level control variables are estimated as in the baseline analysis, and their details are not reported for brevity. Standard errors, reported
in brackets, are heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 5: Robustness analysis: Alternative measures, estimator, and specifications

(1) (2) (3) (4) (5) (6) (7)
Alternative measurement Poisson Alternative specifications

Number of new entrants CI1 CI2 Estimation Incl. mayor’s incentive City-level Leader-level
Career incentives (of party secretaries) 0.8583*** 4.2025*** 3.8300*** 0.4274*** 7.0798*** 8.2169*** 12.6110***

(0.0625) (0.5144) (0.4326) (0.0332) (0.6285) (0.6515) (1.8483)
Career incentives of city mayors 1.3926

(1.8285)
Location quotient 8.0325*** 3.8714*** 3.8867*** 0.1201*** 3.8976***

(2.0316) (0.3466) (0.3462) (0.0151) (0.3454)
SOE intensity -0.1232*** -1.5611*** -1.5787*** -0.0794*** -1.6097***

(0.0416) (0.4534) (0.4533) (0.0231) (0.4530)

Other city-level controls Yes Yes Yes Yes Yes Yes No
Prefecture FE No No No No No Yes Yes
Prefecture-industry FE Yes Yes Yes Yes Yes No No
Industry-year FE Yes Yes Yes Yes Yes No No
Province-year FE Yes Yes Yes Yes Yes Yes Yes
R-squared 0.6548 0.3885 0.3888 0.2638 0.39 0.8226 0.4216
Observations 78,165 78,165 78,165 78,165 78,165 2,638 740

Note: Columns 1–3 use alternative measures of dependent and independent variables. Column 1 adopts the logarithm of the number of newly registered firms as the
dependent variable. Columns 2 and 3 use alternative measures of career incentives, which are the ex ante probability of promotion based on Columns 2 and 3 of Table 3.
The dependent variable in Columns 4–7 is the entry rate of manufacturing firms. Column 4 reports the regression results based on Poisson estimation. Column 5
includes the career incentive intensity of city mayors. Columns 6 and 7 present our estimation results based on city-level and leader-level specifications, respectively. All
city-level control variables are estimated as in the baseline analysis; details are omitted for brevity. Standard errors, reported in brackets, are heteroskedasticity-robust
and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 6: Additional robustness and identification checks

(1) (2) (3) (4) (5) (6)
Mentioning Fiscal transfer Mean reversal Falsification

Career incentives 7.0750*** 7.2110*** 7.0741*** 8.9356*** 6.9074*** 0.5349
(0.6284) (0.7361) (0.6277) (0.9751) (0.6287) (2.1624)

Number of mentions 0.1438 0.1431 -0.0068
(0.1779) (0.1777) (0.2986)

Fiscal transfer 0.1969
(0.1854)

Average GDP growth (previous tenure) -4.4901
(3.0759)

Average firm entry rate (previous tenure) -0.0040
(0.6930)

Location quotient 3.8962*** 4.3668*** 3.8998*** 5.3254*** 4.1090***
(0.3453) (0.4567) (0.3455) (0.6120) (0.3648)

SOE intensity -1.6081*** -1.4923** -1.6110*** -1.9235*** -1.6068***
(0.4527) (0.6168) (0.4524) (0.5894) (0.4590)

Other city-level controls Yes Yes Yes Yes Yes No
Prefecture FE No No No No No Yes
Prefecture-industry FE Yes Yes Yes Yes Yes No
Industry-year FE Yes Yes Yes Yes Yes No
Province-year FE Yes Yes Yes Yes Yes No
R-squared 0.3900 0.4175 0.3900 0.4389 0.3962 0.5318
Observations 78,165 46,863 78,165 38,935 76,361 526

Note: The dependent variable is the entry rate of manufacturing firms at the prefecture-industry level. Number of mentions denotes the number of times a
prefecture-level city is mentioned in the forward-looking section of the annual provincial government report, expressed in logarithmic form. Fiscal transfer represents
the amount of fiscal transfers received by a prefecture-level city from a higher-level government, also expressed in logarithmic form. Column 2 presents the estimation
results for the subsample of cities with below-median mentions in government reports, while Column 4 provides the results for the subsample of cities with
below-median fiscal transfers within a province. Column 6 reports the results of a leader-level falsification test by regressing the contemporaneous entry rate of new
firms on the career incentives of the immediate successor in each city. All city-level control variables are estimated as in the baseline analysis; details are omitted for
brevity. Standard errors, reported in brackets, are heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 7: Industry heterogeneity and implications for underlying mechanisms

(1) (2) (3) (4) (5) (6)
Capital Land Gov. purchase Innovation Combined Newly created SEZ

Career incentives 6.2110*** 5.4549*** 7.0241*** 7.4788*** 4.1105*** 0.5442***
(0.6722) (1.0701) (0.6328) (0.7173) (1.2341) (0.1226)

Career incentives×Above-median capital intensity 1.8747*** 2.2634***
(0.6233) (0.6600)

Career incentives×Above-median land intensity 1.0495* 1.4587**
(0.6336) (0.6402)

Career incentives×Above-median gov. purchase intensity -0.0929 -0.2942
(0.3883) (0.4057)

Career incentives×Above-median innovation intensity -0.8383 -0.5049
(0.6450) (0.6732)

Location quotient 3.8949*** 3.8647*** 3.8650*** 3.8965*** 3.8945***
(0.3452) (0.3462) (0.3460) (0.3454) (0.3454)

SOE intensity -1.6062*** -1.7909*** -1.7906*** -1.6064*** -1.6138***
(0.4526) (0.4634) (0.4632) (0.4530) (0.4525)

Other city-level controls Yes Yes Yes Yes Yes Yes
Prefecture FE No No No No No Yes
Prefecture-industry FE Yes Yes Yes Yes Yes No
Industry-year FE Yes Yes Yes Yes Yes No
Province-year FE Yes Yes Yes Yes Yes Yes
R-squared 0.3900 0.3885 0.3885 0.3900 0.3901 0.4055
Observations 78,165 78,165 78,165 78,165 78,165 2,440

Note: The dependent variable is the entry rate of manufacturing firms at the prefecture-industry level in Columns 1–5. In Column 6, the dependent variable is a dummy
that takes a value of 1 if a new SEZ is established in a city-year, and 0 otherwise. The stand-alone effect of industry-specific intensity is absorbed by prefecture-industry
fixed effects. All city-level control variables are estimated as in the baseline analysis; details are omitted for brevity. Standard errors, reported in brackets, are
heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 8: The effects of local leaders’ career incentives on the survivability and productivity of new entrants

(1) (2) (3) (4) (5) (6) (7)
Subsequent survivability Firm-specific productivity

1-yr survival rate 3-yr survival rate Firm-specific survival month Entry year Third year Fourth year
Career incentives -0.0362*** -0.0257* -4.7306** -5.7207*** 0.0435 -0.0942* -0.1395**

(0.0136) (0.0146) (2.0629) (2.1644) (0.0351) (0.0432) (0.0674)
Career incentives×Registration capital 12.7595

(9.9677)
Registration capital 37.5739***

(3.7601)
Location quotient 0.0279*** 0.0349*** 1.6982 1.2442 0.0435** 0.0830* 0.1172***

(0.0045) (0.0047) (1.0848) (1.0377) (0.0184) (0.0446) (0.0383)
SOE intensity 0.0004 -0.0046 -1.0988 0.3399 0.0301 -0.0067 0.2317*

(0.0078) (0.0089) (1.2989) (2.2857) (0.0720) (0.1057) (0.1213)

Other city-level controls Yes Yes Yes Yes Yes Yes Yes
Prefecture-industry FE Yes Yes Yes Yes Yes Yes Yes
Industry-year FE Yes Yes Yes Yes Yes Yes Yes
Province-year FE Yes Yes Yes Yes Yes Yes Yes
R-squared 0.4941 0.4714 0.2147 0.2849 0.2687 0.3450 0.3743
Observations 66,790 66,790 1,241,721 1,241,721 45,181 16,501 8,717

Note: Columns 1–4 present the results based on the survivability of firms entering city-years with local leaders exhibiting varying career incentives. The dependent
variable is the one-year survival rate at the prefecture-industry level in Column 1, the three-year survival rate in Column 2, and the duration of firm survival in months in
Columns 3–4. Registration capital refers to the amount of firm-specific registration capital at the time of entry, expressed in logarithmic form. Columns 5–7 evaluate the
TFP performance of new entrants. The dependent variable in Column 5 is a firm’s TFP in the year of entry, while Columns 6 and 7 estimate firms’ TFP levels in the third
and fourth years after entry, respectively. All city-level control variables are estimated as in the baseline analysis; details are omitted for brevity. Standard errors,
reported in brackets, are heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 9: Potential explanation for the quality deficit: Corruption vs. mismatch

(1) (2) (3) (4) (5) (6) (7) (8) (9)
Corruption motives of local leaders Mismatch between types of entrants and local fundamentals

Entry rate 1-yr survival rate Survival month Entry rate 1-yr survival rate Survival month
Career incentives 7.1056*** -0.0369*** -4.5591** 8.3965*** 7.8013*** -0.0420*** -0.0437*** -5.5125*** -8.9002***

(0.6366) (0.0137) (2.1765) (0.6341) (0.6294) (0.0147) (0.0141) (2.1274) (2.3896)
Career incentives×Corrupt -0.2207 0.0054 -1.7531

(1.0806) (0.0288) (4.6298)
Corrupt -0.2282 0.0040 0.0079

(0.4489) (0.0124) (1.9315)
Career incentives×matched50 -2.7190*** 0.0124 1.1185

(0.6740) (0.0092) (1.2669)
Career incentives×matched25 -3.1520*** 0.0383*** 4.5718**

(0.9142) (0.0130) (1.9064)
matched50 1.3722*** 0.0032 0.5482

(0.3482) (0.0046) (0.6128)
matched25 1.9953*** -0.0099 1.0512

(0.4223) (0.0060) (0.7704)
Location quotient 3.8971*** 0.0277*** 1.7082 3.6742*** 3.8299*** 0.0255*** 0.0259*** 1.6539 1.9230*

(0.3451) (0.0045) (1.0885) (0.3615) (0.3615) (0.0048) (0.0048) (1.0891) (1.0543)
SOE intensity -1.6043*** 0.0003 -1.1085 -1.6039*** -1.6022*** 0.0006 0.0004 -1.0917 -1.0949

(0.4529) (0.0078) (1.2991) (0.4520) (0.4529) (0.0078) (0.0078) (1.2980) (1.2971)

Other city-level controls Yes Yes Yes Yes Yes Yes Yes Yes Yes
Prefecture-industry FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Industry-year FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Province-year FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
R-squared 0.3900 0.4941 0.2147 0.3902 0.3903 0.4941 0.4942 0.2147 0.2147
Observations 78,165 78,165 1,241,721 78,165 78,165 78,165 78,165 1,241,721 1,241,721

Note: The dependent variable is the entry rate of manufacturing firms at the prefecture-industry level in Columns 1, 4, and 5; the one-year survival rate in Columns 2, 6,
and 7; and firm survival in months in Columns 3, 8, and 9. Corrupt is a leader-level indicator variable that takes a value of 1 if the leader was investigated as part of an
anti-corruption campaign, and 0 otherwise. matched50 (matched25) is an indicator variable that takes a value of 1 if an industry ranks above the 50th percentile (25th
percentile) in the city-industry-year location quotient ranking, and 0 otherwise. All control variables are estimated as in the baseline analysis; details are omitted for
brevity. Standard errors, reported in brackets, are heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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Table 10: The effects of local leaders’ career incentives on other related indicators

(1) (2) (3) (4) (5) (6)
Manufacturing Service

Entry rate Survival month Exit rate TFP growth Entry rate Exit rate
Career incentives 7.7707*** -5.6268** 0.2044 0.0126 -6.3105 -1.2153

(0.7541) (2.2022) (0.4516) (0.0129) (4.4262) (4.2773)
Career incentive×Post08 -1.7088* -6.5352**

(0.9041) (3.1886)
Location quotient 3.8970*** 1.5687 -0.8776*** 0.0067** 7.3710*** 3.6689***

(0.3454) (1.0853) (0.2611) (0.0029) (0.8349) (0.8424)
SOE intensity -1.6070*** -1.0544 0.3129 -0.0144

(0.4527) (1.2908) (0.3569) (0.0114)

Other city-level controls Yes Yes Yes Yes Yes Yes
Firm FE No Yes No Yes No No
Prefecture-industry FE Yes Yes Yes Yes Yes Yes
Industry-year FE Yes Yes Yes Yes Yes Yes
Province-year FE Yes Yes Yes Yes Yes Yes
R-squared 0.3900 0.2148 0.3387 0.2751 0.2605 0.2162
Observations 78,165 1,241,721 78,165 1,027,231 58,383 58,383

Note: The dependent variable in Columns 1–6 is as follows: the entry rate of manufacturing firms at the
prefecture-industry level, firm survival in months, the exit rate of manufacturing firms at the prefecture-industry
level, the TFP growth rate of above-scale manufacturing firms, the entry rate of service firms at the
prefecture-industry level, and the exit rate of service firms at the prefecture-industry level, respectively. The
stand-alone effect of the Post08 variable is absorbed by province-year fixed effects. All city-level control
variables are estimated as in the baseline analysis; details are omitted for brevity. Standard errors, reported in
brackets, are heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, *
p<0.1.
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Online Appendix

This appendix provides additional empirical results that support our main results.

A Results of the interaction between career incentives and regional characteristics

In Table 4 of the manuscript, we present our split sample results for the impact of local leaders’

career incentives on the entry rate of manufacturing firms in different regions. Here, we aug-

ment our estimations with interaction terms. Specifically, Coast is a dummy variable that takes

a value of 1 if a city is located in the coastal region of China, and 0 otherwise. High-income is

a dummy variable equal to 1 if a city is above the median of the average GDP per capita ranking

during our sample period, and 0 otherwise. We augment the baseline specification in Equation

(2) with the interaction terms between our measure of the career incentives of local leaders and

these regional dummies. The results are reported in Table A1.

The interaction terms of career incentives with both Coast and High-income are not sta-

tistically significant, indicating that the marginal effect of highly motivated local officials on

the entry rate of new manufacturing firms is identical across regions with different geographic

attributes or levels of development.

B Results of the association between leader appointment and city-level initial condi-

tions

To rule out potential endogeneity concerns, we test whether the appointment of party secre-

taries with varying career incentives is systematically correlated with the initial conditions of

the city where they are appointed. We use our measure of the career incentives of the incoming

local leader as the dependent variable and regress it on a set of pre-tenure city-level attributes,

including GDP per capita, population size, non-agricultural share in GDP, FDI, college student

intensity, presence of SEZs, and entry rate of manufacturing firms. In Column 1-2 of Table A2,

the independent variable is the average growth rate over the two years preceding the year the

leader took office in a city, while in Column 3-4, the independent variable is the average value
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Table A1: The effects of local leaders’ career incentives on the entry rate of manufacturing
firms across regions

Dependent variable: Firm entry rate (1) (2)

Career incentives 7.4299*** 7.4769***
(1.0306) (0.8056)

Career incentives×Coastal -0.6174
(1.2990)

Career incentives×High-income -0.7851
(1.1849)

Location quotient 3.8979*** 3.8986***
(0.3453) (0.3455)

SOE intensity -1.6060*** -1.6047***
(0.4533) (0.4529)

Other city-level controls Yes Yes
Prefecture-industry FE Yes Yes
Industry-year FE Yes Yes
Province-year FE Yes Yes
R-squared 0.3899 0.3900
Observations 78,165 78,165

Note: The dependent variable is the entry rate of manufacturing firms at the prefecture-industry level. Coastal is
a dummy variable that takes a value of 1 if a city is located in the coastal region of China, and 0 otherwise.
High-income is a dummy variable equal to 1 if a city is above the median of the average GDP per capita ranking
during our sample period, and 0 otherwise. All city-level control variables are estimated as in the baseline
analysis; details are not reported for brevity. Standard errors, reported in brackets, are heteroskedasticity-robust
and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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Table A2: The association between leader appointment and city-level initial conditions

Dependent Var.: Career Incentives (1) (2) (3) (4)
Growth rates Average values

GDP per capita -0.0393 -0.0028 -0.0486 -0.0187
(0.0871) (0.1202) (0.0464) (0.0803)

Population -0.2817 -0.0093 -0.0493 0.1874
(0.2284) (0.2866) (0.0534) (0.1484)

Foreign direct investment -0.0049 -0.0130 -0.0178 -0.0140
(0.0149) (0.0161) (0.0132) (0.0161)

Special Economic zones -0.0360 -0.0633 0.0709 0.0628
(0.0843) (0.0923) (0.0652) (0.0981)

College student intensity 0.0339 0.0472 -0.0609 -0.0270
(0.0506) (0.0473) (0.0592) (0.1014)

Non-agriculture sector 0.0079 0.0034 0.0005 -0.0007
(0.0073) (0.0094) (0.0015) (0.0045)

Manufacturing entry rate -0.0040 -0.0012 0.0006 -0.0040
(0.0029) (0.0034) (0.0013) (0.0035)

Constant 0.3267*** 0.3236*** 1.2672*** -0.4013
(0.0158) (0.0190) (0.1423) (1.3876)

Prefecture FE No Yes No Yes
Year FE No Yes No Yes
R-squared 0.0111 0.5984 0.0119 0.6012
Observations 460 460 460 460

Note: The dependent variable is the career incentives of each incoming prefecture leader. The dependent variable
is the career incentives of each incoming prefecture leader. The independent variable in Column 1-2 is the
average growth rate over the two years preceding the year the leader took office in a city. The independent
variable in Column 3-4 is the average value over all years of the tenure of the previous leader. Standard errors,
reported in brackets, are heteroskedasticity-robust. *** p<0.01, ** p<0.05, * p<0.1.

over all years of the tenure of the previous leader. We control for prefecture-city fixed effects

and year fixed effects in Columns 2 and 4. In all cases, the coefficients are not statistically

significant. This shows that the appointment of high-incentive local leaders is relatively random

and is not associated with local economic conditions.

C Robustness analyses: Effects of local leaders’ career incentives on the longevity of

new entrants

In Table 8 of the manuscript, we show that new firms established during the tenure of high-

incentive local leaders tend to have a shorter survival time. Here, we perform a series of addi-

tional analyses analogous to the robustness tests for the intensity of new firm entry presented in
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Section 3.2.2. Specifically, Column 1 of Table A3 includes the number of mentions received by

a city in the forward-looking part of the provincial government report. Column 2 further adds

the amount of fiscal transfers received by a city from a higher-level government. Column 3

includes the annual GDP growth rate and the annual entry rate of manufacturing firms averaged

over the tenure of the previous leader . In all three cases, the coefficients of career incentives

remain negative and statistically significant, confirming that new entrants under high-incentive

officials tend to suffer from low survivability. Finally, Column 4 presents a falsification test that

regresses a firm’s survival time in months on the career incentives of the immediate successor

in each city. Reassuringly, the coefficient is not statistically significant.
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Table A3: Robustness analyses: Effects of local leaders’ career incentives on the quality of new
entrants

Dependent variable: Firm survival month (1) (2) (3) (4)
Mentioning Fiscal transfer Mean reversal Falsification

Career incentives -4.7339** -4.7435** -4.7241** 0.9807
(2.0664) (2.0819) (2.0621) (3.0296)

Number of mentions 0.6614 0.6590
(0.4736) (0.4700)

Fiscal transfers -0.0541
(0.6041)

Average GDP growth rate (previous tenure) 0.0362
(0.7117)

Average firm entry rate (previous tenure) -1.0231
(1.1402)

Location quotient 1.6908 1.6913 1.6984 1.9212
(1.0832) (1.0816) (1.0858) (1.6699)

SOE intensity -1.1055 -1.1014 -1.1099 0.1260
(1.2990) (1.2959) (1.2975) (1.8901)

Constant 99.4528** 99.8877** 97.8203** 115.9212*
(49.1489) (49.1196) (48.9272) (63.1829)

Other city-level controls Yes Yes Yes Yes
Prefecture-industry FE Yes Yes Yes Yes
Industry-year FE Yes Yes Yes Yes
Province-year FE Yes Yes Yes Yes
R-squared 0.2147 0.2147 0.2147 0.2141
Observations 1,241,721 1,241,721 1,241,721 947,295

Note: The dependent variable is the longevity of new manufacturing firms, measured in months. Number of
mentions denotes the number of times a prefecture-level city is mentioned in the forward-looking section of the
annual provincial government report, expressed in logarithmic form. Fiscal transfer represents the amount of
fiscal transfers received by a prefecture-level city from a higher-level government, also expressed in logarithmic
form. Column 4 conducts a falsification test by regressing the survival duration of new manufacturing firms on
the career incentives of the immediate successor in each city. All city-level control variables are estimated as in
the baseline analysis; details are omitted for brevity. Standard errors, reported in brackets, are
heteroskedasticity-robust and clustered at the prefecture leader level. *** p<0.01, ** p<0.05, * p<0.1.
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